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Abstract Context: In the context of exploring the art, science and engineering of programming, the ques-
tion of which programming languages should be taught first has been fiercely debated since computer sci-
ence teaching started in universities. Failure to grasp programming readily almost certainly implies failure to
progress in computer science.
Inquiry:What first programming languages are being taught? There have been regular national-scale surveys
in Australia and New Zealand, with the only US survey reporting on a small subset of universities. This the
first such national survey of universities in the UK.
Approach: We report the results of the first survey of introductory programming courses (N = 80) taught at
UK universities as part of their first year computer science (or related) degree programmes, conducted in
the first half of 2016. We report on student numbers, programming paradigm, programming languages and
environment/tools used, as well as the underpinning rationale for these choices.
Knowledge: The results in this first UK survey indicate a dominance of Java at a time when universities are
still generally teaching students who are new to programming (and computer science), despite the fact that
Python is perceived, by the same respondents, to be both easier to teach as well as to learn.
Grounding: We compare the results of this survey with a related survey conducted since 2010 (as well as ear-
lier surveys from 2001 and 2003) in Australia and New Zealand.
Importance: This survey provides a starting point for valuable pedagogic baseline data for the analysis of the
art, science and engineering of programming, in the context of substantial computer science curriculum re-
form in UK schools, as well as increasing scrutiny of teaching excellence and graduate employability for UK
universities.
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1 Introduction
For many years – and increasingly at all levels of compulsory and post-compulsory
education – the choice of programming language to introduce the “art” [22], “sci-
ence” [17] and “discipline” [13] of computer programming via key programming
principles, constructs, syntax and semantics has been regularly revisited. Even in
the context of what are perceived to be the most challenging introductory topics
in computer science degrees, numerous key themes across programming frequently
appear [10].
So what makes a good first programming language? Perhaps more importantly,
how are we defining “good”? The issues surrounding choosing a first language [19, 21]
– and a search of the ACM Digital Library identified a number of papers of the form “X
as a first programming language”, going as far back as the 1970s [16] – appear to be
legion, especially with wider discussions of precisely what we aim to achieve from
teaching programming [15, 35, 41, 1, 4]; from the potential impact on students’ grades
and attainment [37, 3, 31, 25, 20], addressing gender and diversity issues [2, 38], to a
renewed focus on developing transferable computational thinking and problem solving
skills [29, 42, 39]. There is a belief that programming – as opposed to, say analysis
of algorithms, a closely related theoretical skill – is fundamentally a craft that needs
immersion and practice [15, 28]. It appears that decades of research on the teaching of
introductory programming has had limited effect on classroom practice [30]; although
relevant research exists across several disciplines including education and cognitive
science, disciplinary differences have often made this material inaccessible to many
computing educators. Furthermore, computer science instructors have not had access
to comprehensive surveys of research in this area [26, 30].
However, in Australia and New Zealand there have been longitudinal data collec-
tions [33, 24, 23] surveying the teaching of introductory programming courses in
universities. Surprisingly, such surveys have not been conducted elsewhere on this
scale (in the USA, [18] only covers the “top 39” universities), and this paper reports
the findings from running the first such similar survey in the UK.
We remind the reader that the UK consists of four nations with an overall population
of 64.5 million: England (54.3 million), Scotland (5.3 million), Wales (3.1 million)
and Northern Ireland (1.8 million). In 1997, Scotland and Wales held referendums
which determined in both cases the desire for increased self-government (along with
Northern Ireland and the 1998 Good Friday Agreement), creating national assemblies
to which a variety of powers – in particular, education – were devolved from the UK
Parliament. Thus, we now have an educational policy ecosystem in the UK that was
historically ruled by one parliament but now comprising three devolved assemblies
responsible for four separate education systems.
In the context of increasing international focus on curriculum and qualification
reform to support computer science education and digital skills in schools, the four
education systems of the UK have proposed and implemented a variety of changes [9,
34, 5, 8], particular in England [6], with a new compulsory computing curriculum for
ages 5-16 from September 2014 [12]. For universities across the UK offering computer
science degrees [32], this school curriculum reform has had uncertain (and emerging)
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impact on the delivery of their undergraduate programmes, with the diversity of
the educational background of applicants likely to increase before it narrows: it is
certainly possible now for prospective students to have anywhere from zero to four or
more years experience (and potentially two school qualifications) in computer science
with some knowledge of programming.
Since 2012, there has been increasing scrutiny of the quality of teaching in UK
universities, partly linked to the current levels – and potential future increases – of
tuition fees (generally paid by the student through government-supported loans), as
well as relative levels of graduate employability and the perceived value of profes-
sional body accreditation by industry. In February 2015, the UK (but in this respect
only responsible for England) Department of Business, Innovation & Skills initiated
independent reviews of science, technology, engineering and mathematics (STEM)
degree accreditation and graduate employability,¹ with a specific focus – the Shadbolt
review [36] – on computer science degree accreditation and graduate employability,
reporting back in May 2016. Alongside a number of recommendations to address
the apparently relatively high unemployment rates of computer sciences graduates,
particular on the quality of data, course types, gender and demographics, the Shadbolt
review split generalist universities in England into three bands (“low”, “medium”,
“high”), based on the average (across all subjects) entrance tariff of incoming un-
dergraduates (as defined by the national UCAS Tariff²); we have followed the same
tariff banding during our analysis of the English results, so our data should allow
comparisons.
Thus, in this evolving environment of new policies and curricula, as well as the
emerging demands of innovative pedagogies and high-quality learning and teaching
for computer science degree programmes, we present the findings from the first
national scale survey of introductory programming languages at UK universities,
providing a baseline for deeper analysis of the art, science and engineering of pro-
gramming. Through this first UK-wide survey of universities, we identify and analyse
trends in student numbers, programming paradigm, programming languages and
environment/tools used, as well as the underpinning rationale for their selection.
2 Methodology
2.1 Recruitment of Participants
To recruit for the survey, a general call for participants was sent out to the Council of
Professors and Heads of Computing (CPHC) membership; CPHC³ is the representative
body for university computer science departments in the UK, with nearly 800 members
at over 100 institutions. The survey was hosted online from mid-May until the end of
1 https://www.gov.uk/government/collections/graduate-employment-and-accreditation-in-
stem-independent-reviews
2 https://www.ucas.com/advisers/guides-and-resources/tari-2017
3 https://cphc.ac.uk
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Figure 1 The number of responding universities per Nation/Tariff Group
June 2016, with the invitation asking for the survey to be passed on to and completed
by the most appropriate person in that institution. Due to the recruitment method,
there were a number of duplicate responses from certain departments, and these were
reconciled by direct enquiry.
The questions used in the survey were generously provided by the authors of the
2013 Australia and New Zealand survey [23], so as to allow direct comparison with
the results of this survey. Where possible, questions were left unchanged, although a
small minority were edited to reflect the UK target audience. As defined in the 2013
Aus/NZ survey, the terminology “course” was used for “the basic unit of study that is
completed by students towards a degree, usually studied over a period of a semester or
session, in conjunction with other units of study”.
The first section of the survey asked about the programming language(s) in use,
the reasons for their choice, and their perceived difficulty and usefulness. Then,
questions regarding the use of environments or development tools; which ones were
used, the reasons for their choice and the perceived difficulty. General questions
about paradigm, instructor experience and external delivery were asked, along with
questions regarding students receiving unauthorised assistance, and the resources
provided to students. Finally, participants were asked to identify their top three aims
when teaching introductory programming, and were also allowed to provide further
comments.
In the 2013 Aus/NZ survey, participants were asked to rank the importance of the
reasons for choosing a programming language, environment or tool. Due to technical
limitations in the online survey tool used, it was not possible to do so in this survey, so
Figure 3 only reports counts. Most questions were not mandatory; the exceptions were
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Figure 2 Language popularity by percentage of courses and students (excl. The Open
University)
“what programming language(s) are in use?” and a small number of feeder questions
to allow the survey to function correctly.
3 Results
3.1 Universities and Courses
Upon completion of the survey, 155 instructors had, at least, started the survey; 61
of these dropped out before answering the mandatory questions, and a further 14
were duplicates. Therefore, the results presented here are drawn from the responses
of 80 instructors from at least 70 institutions. Some participants did not answer all
questions and thus the response rate varies by question.
Excluding the Open University’s 3200 students, the participants in the survey
represented 13462 students, with a mean of 173 (but a standard deviation of 88).
Looking at Figure 1 we see good response rates, apart from the specialist higher
education institutions (most of whom do not teach computing) and the “low tariff”
English ones. Fewer of these teach computing; this factor alone explains the response
rate. In Northern Ireland, we had responses from the two universities, but not the
university colleges, which are historically initial teacher education colleges.
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Figure 3 Reasons given for choosing a programming language by percentage for: all
languages; Java; and Python
3.2 Languages
A primary focus of this survey was to identify the programming languages in use
in introductory programming courses. Participants were asked to select languages
from a list of 22 programming languages and also had the option to choose “Other”
and specify a language not included in the list. The majority of courses surveyed (59
out of 80, 73.8%) use only one programming language, with 17 using two (and only
three and one institutions using three and four languages respectively). From the 80
courses, the total number of language instances is 106, as some courses use more than
one language to teach introductory programming.
Of the 22 languages provided, 13 were selected at least once. The relative popularity
of languages is shown in Figure 2, where the prevalence is given by the percentage of
a language over all language instances (106 total), and weighted by student numbers
(16662 total) per language instance. The programming languages that were not
selected at all were: Actionscript, Ada, Delphi, Eiffel, Fortran, jBase, Lisp, Ruby and
Visual Basic.
The relative popularity of languages is the immediate major difference with the
2013 Aus/NZ survey; their survey showed a dead heat (27.3% of language instances)
between Java and Python, with Python winning (33.7% to 26.9%) when weighted by
the number of students enrolled on the course. Our findings in Figure 2 show that
Java is a clear winner by any metric, being used in over half the courses (61.3%) and
just under half of all language instances (46.2%), while the runner-up, Python, is in
18-6
E. Murphy, T. Crick, J. H. Davenport
0%
25%
50%
75%
100%
Sp
ec
ia
lis
t
H
EI
(n
=
2)
En
g.
H
EI
s
hi
gh
av
e
TS
(n
=
31
)
En
g.
H
EI
s
m
ed
av
e
TS
(n
=
32
)
En
g.
H
EI
s
lo
w
av
e
TS
(n
=
19
)
N
or
th
er
n
Ir
el
an
d
(n
=
2)
Sc
ot
la
nd
(n
=
14
)
W
al
es
(n
=
12
)
Alice
C
C#
C++
Haskell
Java
Javascript
Matlab
Objective
Other
PHP
Processing
Python
0%
25%
50%
75%
100%
A
lic
e
(n
=
1)
C
(n
=
8)
C
#
(n
=
4)
C
+
+
(n
=
13
)
H
as
ke
ll
(n
=
4)
Ja
va
(n
=
48
)
Ja
va
sc
ri
pt
(n
=
4)
M
at
la
b
(n
=
2)
O
bj
ec
ti
ve
(n
=
1)
O
th
er
(n
=
8)
PH
P
(n
=
2)
Pr
oc
es
si
ng
(n
=
3)
Py
th
on
(n
=
14
)
Specialist
HEI
Eng.HEIs
high ave TS
Eng.HEIs
med ave TS
Eng.HEIs
low ave TS
Northern
Ireland
Scotland
Wales
Figure 4 The breakdown of programming languages by Nation and Tariff Groups
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use in 17.5% of courses and makes up 13.2% of language instances. The C family (C,
C++ and C#)⁴ together is in use in 31.3% of introductory programming courses, and
scores 23.6% of language instances and 19.5% by students. Figure 2 also shows the
effect of student-number weighting but we have excluded the Open University from
this weighting, as its 3200 students learning Python (and Sense, a variant of Scratch)
would have distorted the comparison.
For each language selected, participants were asked to give the reasons for choosing
that language for the introductory programming course. Figure 3 shows the frequency
of these reasons for all languages grouped together and for Java and Python individu-
ally. When the reasons given are combined for all languages, three reasons tie for first
place: “relevance to industry”; “object-oriented language”; and “availability and cost to
students”, all chosen by 54.5% of participants who answered this question.
Looked at individually, the most popular reason given for choosing Java is “object-
oriented language” at 87.2%, while Python scores highest on “pedagogical benefits”,
at 72.7%. This may explain the popularity of Java: Java scores higher on “relevance
to industry” and, perhaps somewhat surprisingly, much higher on “object-oriented
language” than Python, which only scores 18.2%.
Figure 4 breaks down the choice of language by nation and tariff group. It is notice-
able that the three English tariff groups differ significantly, with Python outnumbering
Java in the low tariff universities, and C being almost exclusively in the high tariff
universities. Figure 5 gives the instructors’ views on languages. It is noteworthy that
Java is among the most difficult, and not among the pedagogically most useful.
For each language chosen, instructors were asked whether the language was used:
for the whole of the first programming course; for the first part of the first programming
course, followed by another; after another language in the first programming course.
Of 93 language instances, themajority (65%) are used for the whole of the introductory
programming course, 14.0% of language instances are used in the first part of a course
and 21.5% of language instances are used after another programming language;
results are displayed in Figure 6.
3.3 Paradigm Taught
Instructors were asked which paradigm was being taught in their introductory pro-
gramming course, regardless of what is traditionally thought to apply to the lan-
guage(s) in use. This question, understandably, caused some dissatisfaction in the
comments section, with many participants noting that more than one paradigm is
taught in their course. Although this was to be expected, we wanted to be able to
directly compare our results to the 2013 Aus/NZ survey, and so did not alter the
question. The most popular paradigm is object-oriented with 50% (N = 40, 50%)
4One referee queried whether C# counts as “C family”, describing it as “much closer to
Java”. One can find apparently authoritative statements in both camps from the language
designers of Java and C#. Further analysis of the four C# instances shows four different
patterns: C# only; a wide range of languages; C++ followed by C# and Java followed by
C#.
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Figure 9 Tool or environment popularity by percentage of courses and students
followed by procedural (N = 27, 33.8%) and functional (N = 7, 8.75%); logical was
also offered as a choice but was not selected.
The results of the previous question were used to analyse – see Figure 7 – the preva-
lence of paradigms across nations and tariff score groups. Caution must be applied
when interpreting these results, as participants could only choose one paradigm, even
though more may be in use.
In the same way as above, the languages chosen were analysed – see Figure 8 –
with regard to the main paradigm in use. Again, caution must be applied, as for a
given course, only one paradigm is chosen, even though more than one language
and/or paradigm may be in use. This explains the respondents who used C, but stated
that object-oriented was the main paradigm, for example. More surprising is the fact
that Python was almost exclusively viewed as procedural.
3.4 Instructor Experience
Participants were asked: “How many years have you been involved in teaching of in-
troductory programming?”. The results, shown in Table 1, indicate that of the survey
participants, the average was between 10-20 years.
Table 1 The number of years the instructor has been teaching introductory programming.
Years <2 2 - 5 5 - 10 10 - 20 20 - 30 >30
Instructors 3 9 9 27 19 7
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Figure 10 Reasons given for choosing a tool or environment by percentage for: all tools
and environments; BlueJ; and Eclipse
3.5 IDEs and Tools
Participants in the survey were asked if they encouraged students in the first pro-
gramming course to use environments and/or tools beyond simple text editors and
command line compilers. The majority of participants of this question (74.4% of 78
instructors) responded that they did encourage tools. Of the 58 instructors that did
select a tool/IDE, the majority (58.6%) use only one, with 25.8% and 10.3% using
two and three respectively; very few (5.2%) used four or more, with one respondent
using eight.
The survey asked participants to select the tools and IDEs in use in their introductory
programming course out of a list of 24, with the option to specify “Other”. Of the 24
provided, 12 were chosen at least once. The relative popularity of IDEs and tools is
shown in Figure 9. The most popular tool/IDE in the survey was Eclipse, reported in
37.5% of courses and scoring 25.0% of tool/IDE instances, and 26.8% when weighted
by students. Following this is “No Tool/IDE”, which accounts for 27.5% of courses. The
second most popular tool/IDE is BlueJ, which was reported in 22.5% of courses and
scored 15.0% of tool/IDE instances, and 15.5%when weighted by students. Participants
were also asked why each tool/IDE was chosen for their course, and asked to select
from a list of reasons. The results of this are give in Figure 10, for all tools and IDEs
grouped together, and for the two most popular choices, Eclipse and BlueJ. The tools
and IDEs not selected at all were: AdaCore, Alice, App, Browser, Greenfoot, Jeroo,
Jython, KTechLab, MySQL, Pelles, Quincy, Wing101 and Xcode.
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Figure 11 For each tool or environment, whether it is used: for an initial part of the first
programming course; throughout the whole of the first programming course; in
any other course in the degree
3.5.1 Reuse of Tool/IDE
Instructors were also asked whether the tool/IDE was used for an initial part of the
first programming course or throughout the whole of the course; and whether it was
used in any other course in the degree (Figure 11).
3.5.2 Diculty of Tool/IDE
In addition to this, instructors were asked to rate how difficult they found the tool/IDE
on a Likert scale from “Extremely Easy” (1) to “Extremely Difficult” (7), and also how
difficult they believed the students found the tool/IDE, shown in Figure 12.
We note that, while Eclipse is the most popular tool by some way, it is also deemed
to be most difficult. This, apparently perverse, practice might be explained by the
extent of re-use of Eclipse in other courses.
3.6 Other Aspects of the Course
3.6.1 External Delivery
Participants were asked “Do you offer external delivery of your course? (i.e. do you
have options for your course where students are not required to attend regular lectures,
workshops, labs or tutorials?)”. The responses to this question were overwhelmingly
in the negative; 70/74 (94.6%) answered “No”.
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3.6.2 Resources Provided to Students
The questionnaire asked about the resources in terms of examples, books etc. provided
to students. The results are rather similar to the 2013 Aus/NZ survey [23, Figure 14]
and are displayed in Figure 13. The most popular resources selected were: “lecture
slides or notes provided by the lecturer” in first place, “worked examples of programming
problems/solutions” in second, and third place was shared by “textbook is specified”
and “discussion boards/forums”.
3.6.3 Unauthorised Assistance
The vast majority of instructors surveyed (89.3%) do consider the possibility that
students or groups of students may be receiving unauthorised assistance (e.g. from
other students in the class, from people outside the class, or via the internet) when
doing assignments. When asked how concerned they were about this possibility, 9
answered “not concerned”, 39 answered “somewhat concerned” and 17 reported “very
concerned”.
We also asked participants: “What steps do you take to try to determine whether
students have received unauthorised assistance on assignments?”. The details are dis-
played in Figure 14 and range from “notice unlikely similarities” (59.1% of the 66
instructors who responded to this question) to “interview some students/groups at
random”, selected by only five instructors.
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3.7 Aims of an Introductory Programming Course
The 2013 Aus/NZ survey asked their respondents for the aims of their introductory
programming course. They, and we, asked for (up to) three aims. The authors then
attempted to classify the free-text answers into the same categorisation as [23] used.
While it is trivial to map the written aim “Thinking algorithmically” to “Algorithmic
thinking” [23] and so on, many were not so clear: for example, we mapped “To learn
a specific language” to “Syntax/writing basic code”. There were also a class of aims,
such as “Establish professional software development practices”, that seemed coherent,
but did not map clearly to the [23] aims; these we have categorised as “Software
Engineering”. Results of this question are shown in Figure 15.
4 Discussion
4.1 Comparison with Australasian Survey
Here we compare with the latest Australasian survey [23]; we have already com-
mented on the major difference in language choice, which colours many of the other
comparisons. In fact, the UK’s language choices seem more similar to Australasia’s
2010 choices [24] and [23, Table 4] than even Australasia’s 2013 choices. It is hard to
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know which comes first, but we also notice that our difficulty/utility data (Figure 5)
is somewhat different from [23, Figures 7/8].
Another difference in the tools/environments used is demonstrated by Figure 9
versus [23]’s Figure 11. There, “None” and “Other” were the top two categories, with
IDLE, at 15%, the most popular named product. In the UK, “None” is second, “Other”
is sixth and IDLE eighth. Eclipse, the UK favourite, was an “also ran” in [23].
4.2 The UK Context
As presented in Section 3.2, our findings show that Java is the most popular intro-
ductory programming language in UK universities, more than twice as popular as
Python in second place; the C family of languages (C, C++ and C#) together is in
use in nearly a third of introductory programming courses. We were surprised by
the viewpoint expressed of Python, as a multi-paradigm language, as being largely
procedural⁵; from the authors’ experiences, the dominance of Java has been a trend
for the past ten years, but we would expect to see a steady increase in Python due to
influences from the changes to school curricula in the UK [6].
We note that from a smaller survey conducted in July 2014, Python is the most
popular language for teaching introductory computer science courses at top-ranked
US university departments; specifically, eight of the top 10 CS departments (80%),
and 27 of the top 39 (69%), teach Python in introductory CS0 or CS1 courses [18].
This together with [23] and Figure 5 might make one question the UK’s domination by
Java, although longstanding industry popularity as measured by community indices
may still be a significant determining factor [40, 38].
From a UK education policy perspective, a new national Teaching Excellence Frame-
work has been proposed, with a core ambition to “to raise the quality and status
of teaching in higher education institutions”; excellence is to be measured through
a series of proxy metrics that include student satisfaction, retention and graduate
employability.⁶ There have been significant sector concerns about the aims of the
framework – as well as the statistical rigour of the metrics – more so in the context of
it being used for benchmarking⁷ “teaching excellence” (particularly as the TEF will
not yet be conducted at the individual subject level, but at the institutional level), as
well as deciding whether institutions are allowed to raise tuition fees in the future.
It remains to be seen how this will affect undergraduate computer science degree
curricula in UK institutions going forward, especially if there is renewed demand for
5We can only speculate why this is; one reason could be the nature of many of the texts
available: see [27], and for example a popular freely-available Python text [14] which the
third author has used while teaching teachers introduces classes only in chapters 15-17 (of
19 in total).
6 http://www.hefce.ac.uk/lt/tef/
7Many UK newspapers produce “University League Tables”, all based on much the same pub-
lished data. The new Teaching Excellence Framework will grade universities as bronze/sil-
ver/gold, and it seems inevitable that the newspaper league tables will use these in their
league tables.
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meeting the immediate (but potentially transient) demands of the IT industry with
specific tools, languages and environments, as well as reformed professional body
accreditation as per the 2016 Shadbolt review [36].
The UK’s Higher Education Academy – the national body which champions teaching
quality – has previously supported initiatives for improving learning and teaching
in computer science, including innovative pedagogies for programming [7, 11], but
we have not yet seen the necessary development of sustainable discipline-specific
communities of practice, both at the local and national level, to capture and share
best practice.⁸
5 Future Work
This national survey provides valuable context for better understanding of the role
and effectiveness of programming education in UK universities. Furthermore, how this
impacts more broadly across the education pipeline: through significant curriculum
reform, as well as scrutiny of the effectiveness of pedagogies for teaching principles of
programming and software engineering (in essence: software carpentry, providing
the knowledge, skills and understanding to create useful and usable software for
a variety of domains). Moving forward will require an mixed economy of rigorous
pedagogical research, as well as the application of personal experiences of languages,
tools, environments, models and styles. Only through this blend of the art, science
and engineering of programming will we see significant steps towards improving
programming (and thus computer science) education in the UK.
Acknowledgements
The authors would like to thank the participants for their engagement with the survey,
as well as R. Mason and G. Cooper from Southern Cross University, Australia, for
providing us with their survey and permission to use it. We are grateful to the GW4
Alliance (Universities of Bath, Bristol, Cardiff and Exeter) for funding the survey and
Alan Hayes (University of Bath) for group coordination.
Those data created during this research project that do not infringe the anonymity
of the respondents are openly available from the University of Bath data archive at
http://doi.org/10.15125/BATH-00246.
8However, a new initiative announced by the Royal Society in 2016 is aiming to addresses
this in UK schools: https://royalsociety.org/topics-policy/projects/computing-education/
18-19
An Analysis of Introductory Programming Courses at UK Universities
References
[1] Amjad Altadmri and Neil C. C. Brown. 37 Million Compilations: Investigating
Novice Programming Mistakes in Large-Scale Student Data. In Proc. 46th ACM
Tech. Symp. on Comput. Sci. Educ. (SIGCSE’15), pages 522–527, 2015.
[2] Miguel Angel Rubio, Rocio Romero-Zaliz, Carolina Ma noso, and Juan del Rosal.
Closing the gender gap in an introductory programming course. Computers &
Education, 82(C):409–420, 2015.
[3] Susan Bergin and Ronan Reilly. Predicting introductory programming perfor-
mance: A multi-institutional multivariate study. Comput. Sci. Educ., 16(4):303–
323, 2006.
[4] Neil C. C. Brown and Amjad Altadmri. Novice Java Programming Mistakes:
Large-Scale Data vs. Educator Beliefs. ACM Trans. on Comput. Educ., 2017. (in
press).
[5] Neil C. C. Brown, Michael Kölling, Tom Crick, Simon Peyton Jones, Simon
Humphreys, and Sue Sentance. Bringing Computer Science Back Into Schools:
Lessons from the UK. In Proc. 44th ACM Tech. Symp. on Comput. Sci. Educ.
(SIGCSE’13), pages 269–274, 2013.
[6] Neil C. C. Brown, Sue Sentance, Tom Crick, and Simon Humphreys. Restart:
The Resurgence of Computer Science in UK Schools. ACM Trans. on Comput.
Educ., 14(2):1–22, 2014.
[7] Tom Crick, James H. Davenport, and Alan Hayes. Innovative Pedagogical Prac-
tices in the Craft of Computing. Innovative Pedagogies in the Disciplines. Higher
Education Academy, 2015. https://www.heacademy.ac.uk/innovative-pedagogical-
practices-craft-computing.
[8] Tom Crick and Faron Moller. Technocamps: Advancing Computer Science Edu-
cation in Wales. In Proc. 10th Int. Workshop in Primary and Secondary Comput.
Educ. (WiPSCE’15), pages 121–126, 2015.
[9] Tom Crick and Sue Sentance. Computing At School: Stimulating Computing
Education in the UK. In Proc. 11th Koli Calling Int. Conf. on Comput. Educ. Res.,
2011.
[10] Nell B. Dale. Most difficult topics in CS1: results of an online survey of educators.
ACM SIGCSE Bull., 38(2):49–53, 2006.
[11] James H. Davenport, Alan Hayes, Rachid Hourizi, and Tom Crick. Innovative
Pedagogical Practices in the Craft of Computing. In Proc. 4th Int. Conf. on
Learning & Teaching in Comput. and Eng. (LaTiCE 2016), 2016.
[12] Department for Education. National curriculum in England: computing
programmes of study. https://www.gov.uk/government/publications/national-
curriculum-in-england-computing-programmes-of-study, September 2013.
[13] Edsger Dijkstra. A Discipline of Programming. Prentice Hall, 1st edition, 1976.
[14] Allen B. Downey. Think Python: How to Think Like a Computer Scientist. Green
Tea Press, 2nd edition, 2012.
18-20
E. Murphy, T. Crick, J. H. Davenport
[15] Sally Fincher. What are we doing when we teach programming? In Proc. 29th
Annual Frontiers in Educ. Conf., 1999.
[16] David Gries. What should we teach in an introductory programming course?
ACM SIGCSE Bull., 6(1):81–89, 1974.
[17] David Gries. The Science of Programming. Texts and Mongraphs in Computer
Science. Springer-Verlag, 1981.
[18] Philip Guo. Python is Now the Most Popular Introductory Teaching Language at
Top U.S. Universities. http://cacm.acm.org/blogs/blog-cacm/176450-python-is-
now-the-most-popular-introductory-teaching-language-at-top-us-universities,
July 2014.
[19] Diwaker Gupta. What is a good first programming language? Crossroads, 10(4),
2004.
[20] Mirjana Ivanović, Zoran Budimac, Milos˘ Radovanović, and Milos˘ Savić. Does
the choice of the first programming language influence students’ grades? In
Proc. 16th Int. Conf. on Comput. Syst. and Tech. (CompSysTech’15), pages 305–312,
2015.
[21] Randy M. Kaplan. Choosing a first programming language. In Proc. ACM Conf.
on Inf. Technol. Educ. (SIGITE’10), pages 163–164, 2010.
[22] Donald E. Knuth. The Art of Computer Programming. Addison Wesley, 3rd edition,
2011.
[23] Raina Mason and Graham Cooper. Introductory programming courses in Aus-
tralia and New Zealand in 2013 – trends and reasons. In Proc. 16th Australasian
Comput. Educ. Conf. (ACE’14), pages 139–147, 2014.
[24] Raina Mason, Graham Cooper, and Michael de Raadt. Trends in introductory
programming courses in Australian universities: languages, environments and
pedagogy. In Proc. 14th Australasian Comput. Educ. Conf. (ACE’12), pages 33–42,
2012.
[25] Robert McCartney, Jonas Boustedt, Anna Eckerdal, Kate Sanders, and Carol
Zander. Can first-year students program yet?: a study revisited. In Proc. 9th
Annual Int. ACM Conf. on Int. Comput. Educ. Res. (ICER ’13), pages 91–98, 2013.
[26] Michael McCracken, Vicki Almstrum, Danny Diaz, Mark Guzdial, Dianne Hagan,
Yifat Ben-David Kolikant, Cary Laxer, Lynda Thomas, Ian Utting, and Tadeusz
Wilusz. A multi-national, multi-institutional study of assessment of programming
skills of first-year CS students. ACM SIGCSE Bull., 33(4):125–180, 2001.
[27] Kirby McMaster, Samuel Sambasivam, Brian Rague, and Stuart Wolthuis. Java vs.
Python Coverage of Introductory Programming Concepts: A Textbook Analysis.
In Proc. EDSIG Conf., number 4001, 2016.
[28] Iain Milne and Glenn Rowe. Difficulties in Learning and Teaching Programming
– Views of Students and Tutors. Educ. and Inf. Technol., 7(1):55–66, 2016.
[29] Seymour Papert. Mindstorms: Children, Computers, and Powerful Ideas. Basic
Books, 1993.
[30] Arnold Pears, Stephen Seidman, Lauri Malmi, Linda Mannila, Elizabeth Adams,
Jens Bennedsen, Marie Devlin, and James Paterson. A Survey of Literature on
18-21
An Analysis of Introductory Programming Courses at UK Universities
the Teaching of Introductory Programming. ACM SIGCSE Bull., 39(4):204–223,
2007.
[31] Leo Porter, Mark Guzdial, Charlie McDowell, and Beth Simon. Success in in-
troductory programming: what works? Commun. of the ACM, 56(8):34–36,
2013.
[32] QAA. Subject Benchmark Statement: Computing. UK Quality Assurance Agency,
February 2016.
[33] Michael de Raadt, Richard Watson, and Mark Toleman. Trends in introductory
programming courses in Australian universities: languages, environments and
pedagogy. In Proc. 6th Australasian Comput. Educ. Conf. (ACE’04), pages 277–282,
2004.
[34] Royal Society. Shutdown or restart? The way forward for computing in UK
schools, January 2012.
[35] Carsten Schulte and Jens Bennedsen. What do teachers teach in introductory
programming? In Proc. 2nd Int. Workshop on Comput. Educ. Res., pages 17–28,
2006.
[36] Nigel Shadbolt. Computer science degree accreditation and graduate employability:
Shadbolt review. Department for Business, Innovation & Skills, UK Government,
May 2016.
[37] Simon, Sally Fincher, Anthony Robins, Bob Baker, Ilona Box, Quintin Cutts,
Michael de Raadt, Patricia Haden, John Hamer, Margaret Hamilton, Raymond
Lister, Marian Petre, Ken Sutton, Denise Tolhurst, and Jodi Tutty. Predictors of
success in a first programming course. In Proc. 8th Australasian Conf. on Comput.
Educ. (ACE’06), pages 189–196, 2006.
[38] Stack Overflow. Developer Survey Results 2017. https://stackoverow.com/
insights/survey/2017#education, March 2017.
[39] Matti Tedre and Peter J. Denning. The Long Quest for Computational Thinking.
In Proc. 16th Koli Calling Conf. on Comput. Educ. Res., pages 120–129, 2016.
[40] TIOBE. TIOBE Index for November 2016. https://web.archive.org/web/
20161125191300/http://www.tiobe.com/tiobe-index/, November 2016.
[41] Mark J. Van Gorp and Scott Grissom. An Empirical Evaluation of Using Construc-
tive Classroom Activities to Teach Introductory Programming. Computer Science
Education, 11(3):247–260, 2001.
[42] Jeannette M. Wing. Computational Thinking and Thinking About Computing.
Philos. Trans. of the Royal Society A, 366(1881):3717–3725, 2008.
18-22
E. Murphy, T. Crick, J. H. Davenport
About the authors
Ellen Murphy is a Commercial Research Associate at the Bath
Institute for Mathematical Innovation, University of Bath. Contact:
e.murphy@bath.ac.uk
Tom Crick is Professor of Computer Science & Public Policy at
Cardiff Metropolitan University. Contact: tcrick@cardimet.ac.uk
and @ProfTomCrick
James H. Davenport is Hebron & Medlock Professor of In-
formation Technology at the University of Bath. Contact:
j.h.davenport@bath.ac.uk and @JamesHDavenport
18-23
